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This paper investigates the individual characteristics of consumers who use anecdotal healthcare 
information available on the Internet. Secondary analysis of the data from the preliminary release of the 
Pew Internet & American Life Project’s September 2012 Health Tracking Survey informed this 
investigation. The dependent variable was the use of anecdotal healthcare information available on the 
Internet. The independent variables included demographics, quality of life, health status and the use of 
public report cards. Public report cards include performance data provided by federal agencies on 
healthcare providers, nursing homes, and hospitals to inform healthcare consumers on the variability of 
healthcare quality. A logistic model was developed to assess the characteristics of anecdotal information 
users. The analysis found that age, gender, educational level and health status were significant predictors of 
a consumer’s use of anecdotal information available on the Internet. This study also found that healthcare 
consumers who use public report information are highly likely to look at anecdotal information on the 
Internet. Because of comprehension issues related to public reports, consumers may give more weight to 
anecdotal information found online, a situation that is well documented. Such anecdotal information can 
potentially jeopardize the utility of reports generated by Federal entities, as it potentially distracts consumer 
attention from more reliable measures of quality. Accordingly, this paper calls for further investigation to 
identify effective ways to communicate the high variability of the accuracy of anecdotal information 
available on the Internet. 
 

INTRODUCTION 
 

The 21st century witnessed the introduction of 
Internet-based resources specifically intended for disease 
management and healthcare-related services, with subsequent 
research finding that consumers are increasingly using them 
(Atkinson, Saperstein, & Pleis, 2009). This conclusion is 
supported by results from the biennial Health Information 
National Trends Survey (HINTS, 2008) indicating a shift in 
the manner in which patients look for healthcare information, 
with the majority accessing information online before talking 
to their care providers (Kreps et al., 2011). Similarly, a study 
conducted by Chalil Madathil et al. (2013) found that 
healthcare consumers are increasingly using the Internet for 
information to manage chronic conditions such as Ovarian 
Cancer. Surveys (Pew Research Internet Project, 2012) have 
suggested that consumers use search engines to obtain this 
information, including such sources as research literature 
published in the media, reports provided by governmental 
agencies, resources provided by such entities as the Mayo 
Clinic and the National Institutes of Health (NIH), online 
social networks, and websites run by individuals.  

Since the late 1990s, websites developed by private 
and public healthcare entities featuring information on 
symptoms; pharmacy and drug information; the latest health 
news; illustrated medical dictionaries; directories of doctors, 
dentists and hospitals; and videos and interactive health 
tutorials have proliferated. MedlinePlus, WebMD, 
MedicineNet, MayoClinic, and NetWellness are a few such 
sites frequently accessed by the public. Research has found 
that healthcare consumers use these resources more than they 
talk to their healthcare providers (Elkin, Thomson, & Wilson, 
2010), and more significantly, a common belief of consumers 

is that the information on the Internet offering healthcare 
advice is trustworthy and accurate (Mead, Varnam, Rogers, & 
Roland, 2003). However, according to studies conducted by 
Eysenbach et al. (2002), this is not necessarily the case. 
Though websites maintained by Federal agencies such as 
MedlinePlus offer accurate and current medical information 
that has been reviewed by the National Library of Medicine, 
the quality of other information available on the Internet is 
open to question. Recent studies have indicated, for example, 
that video sharing websites such as YouTube are increasingly 
being used as a medium for promoting unapproved materials 
(Chalil Madathil, Rodriguez, Greenstein & Gramopadhye, 
2014) and, thus, have the potential to change the beliefs of 
patients on such controversial topics as vaccination (Ache & 
Wallace, 2008). 

More recently, Federal agencies have begun 
providing data comparing the quality of healthcare 
systems/providers to enable consumers to make informed 
choices about their healthcare needs (Marshall, Shekelle, 
Leatherman, & Brook, 2000). These data, referred to as public 
or consumer reports, are an effort to compare providers in a 
specific specialty within a certain geographic region. The past 
decade has seen a proliferation of such systems providing 
summaries of quality-of-care data.  Though such statistics 
provide important insights about healthcare, consumers with 
low statistical and reading skills have trouble comprehending 
them and subsequently using them to make a decision. Recent 
studies (Kolstad & Chernew, 2008) also suggest that such 
reports are seldom used by consumers, who rely instead on 
recommendations from patients experiencing similar 
conditions, friends, and physicians as their sources of 
information when selecting a provider (Gibbs, Sangl, & 
Burrus, 1996).  
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Anecdotal information about consumer interaction 
with healthcare providers and hospital facilities is also 
becoming increasingly available to the public in the form of 
YouTube videos and as discussion posts on peer-support 
groups. These informal forms of information can potentially 
impact the utility of reports generated by Federal entities as it 
may distract consumer attention from more reliable measures 
of quality. Although several surveys and focus groups have 
suggested that consumers highly value information provided 
in public reports (Hibbard & Jewett, 1996; Longo & Everet, 
2003), very few use it when making a decision (Fung, Lim, 
Mattke, Damberg, & Shekelle, 2008; Hibbard, 2008). 

To address this increasingly important situation, this 
paper attempts to answer the following research questions by 
analyzing the data from the preliminary release of the Pew 
Internet & American Life Project’s September 2012 Health 
Tracking Survey: 

 
• What are the demographic characteristics of 

healthcare consumers who look for anecdotal 
information on the Internet? 

• How do the healthcare consumer’s quality of life and 
health status affect the anecdotal information seeking 
process on the Internet? 

• How likely are public report information seekers to 
look at anecdotal information on the Internet 
compared to consumers who do not look at public 
reports? 

 
This article investigates the individual factors that predict the 
health consumer’s use of anecdotal information available on 
the Internet using a logistic regression model. 
 

METHOD 
 
Data source 

Data for this analysis were taken from the 
preliminary release of the Pew Internet & American Life 
Project’s September 2012 Health Tracking Survey (Pew 
Research Internet Project, 2012), a cross-sectional survey of 
adults in the United States conducted by Princeton Survey 
Research Associates International on the impact of the Internet 
on people's lives focusing on health, specifically Internet use 
in seeking health information. Interviews were conducted in 
English and Spanish by Princeton Survey Research Associates 
from August 7 to September 6, 2012.  

This survey data consists of responses from 3014 
participants. The data was weighted to adjust for effects of the 
sample design and to compensate for patterns of nonresponse 
that might bias results. The weighting was done by Princeton 
Survey Research Associates International to account for the 
disproportionately-stratified sample, the overlapping landline 
and cell sample frames and differential non-response 
associated with sample demographics (Pew Research Internet 
Project, 2012). The subsample used in this study included only 
the respondents who answered “Yes” to the question, “Do you 
use the Internet, at least occasionally?” Table 1 includes the 
demographic information of the sample used in the analysis. 
 

 
Independent variables 

The independent variables included demographic 
characteristics, quality of life, self-reported health status, and 
public report information seeking behavior.  

The demographic variables included age, gender, 
race, education level, and income level as all of these have 
been implicated in health and Internet behavior in past 
research. In this analysis, age was coded as a continuous 
variable, gender was coded as a dichotomous variable (male = 
1 and female = 2), and race was coded into three categories 
(1= White, 2 = African American and 3 = others) as was 
educational level (1 = High school or less, 2 = Post high 
school but less than a four-year college degree, 3 = 4 year 
college degree and above). Finally, income level was coded as 
a continuous variable: 1 = <$20,000; 2 = $20,000 to <$50,000; 
3 = $50,000 to <$100,000; 4 = $100,000 and above. 

Quality of life of the respondent was assessed using 
the question, “Overall, how would you rate the quality of life 
for you and your family,” with the responses being  coded 1-5 
as excellent, very good, good, fair or poor, respectively. They 
were reverse coded in this analysis so that the higher values 
indicate a better quality of life. Self-rated health status was 
evaluated using the question "In general, how would you rate 
your own health" with the responses being categorized from 1-
4, indicating excellent, good, only fair or poor. They also were 
reverse coded in this analysis, meaning the higher values 
indicate better health status.   

Respondents were classified as a public report 
information seeker if they answered “Yes” to either of two 
questions: (1) “Have you consulted online rankings or reviews 
of hospitals or other medical facilities?” and (2) “Have you 
consulted online rankings or reviews of doctors or other 

Table 1. Anecdotal information users categorized based on demographics  
Individual characteristics of 
respondents  
(Weighted N = 14410) 

Anecdotal information use 

No (%) Yes (%) 

Age    
    18-34   25 11 
    35-49  21 8 
    50-64 18 5 
    65+ 10 2 

Gender    
    Male 37 12 
    Female 37 14 
Race   
    White 56 20 
    African American 9 3 
    Others 8 4 
Education    
    High school or less 27 6 

    Post high school 24 8 
    College plus 23 12 
Income level   
    < $20,000 14 5 
    $20,000 to < $50,000 25 9 
    $50,000 to < $100,000 21 8 
    > $100,000 12 6 
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providers?”  A response of no to both questions indicated they 
were not a public report information seeker.  
Dependent variable 

Anecdotal information use was measured with the 
question “Have you read someone else's commentary or 
experience about health or medical issues online,” with 
respondents choosing from the options “Yes”, “No”, “Don’t 
know” and “Refused.” We included only the data with the 
responses Yes and No. Thus, our two categories of dependent 
variable include respondents who consumed anecdotal 
information and those who did not. 

 
Analysis 

A binomial logistic regression analysis was 
performed using SPSS 21.0 to predict membership of the 
responder in one of two categories: anecdotal information user 
or non-user. The Pew data included final weights to adjust for 
effects of the sample design and to compensate for patterns of 
nonresponse that might bias results. This investigation 
included these weights in the analysis. We then developed 
three logistic regression models to assess the characteristics 
associated with anecdotal information use. Model 1 included 
the demographic variables of gender, age, education, race, and 

income level. Model 2 added the variables of self-reported 
health status and quality of life, and Model 3 added the public 
report information seeking characteristics. For each model, fit 
indices, pseudo R-squared, effect size estimates, logistic 
regression coefficients and their significance, corresponding 
odds ratios and their confidence intervals were calculated. 

 
RESULTS 

 
The results of the binomial logistic regression models 

are presented in Table 2, which includes the logistic regression 
coefficients (B), their corresponding standard errors (SE) and 
odds ratios (OR), and the confidence intervals for these odds 
ratios (CI). 

In the first model, only demographic variables were 
included as predictors yielding a Chi-square value of 545.13, 
R2L = 0.03. The second model including the self-reported 
health status and quality of life as predictors yielded a Chi-
square value of 592.68, R2L = 0.04. The third model adding 
public report information seeking behavior to the predictors 
list yielded a Chi-square value of 1311.09, R2L= 0.09. 

The results of the analysis indicated that all 
predictors except income level, race, and quality of life 

 
Table 2. Estimated coefficients of binomial logistic regression model 

 

Predictor 
Model 1 

 
Model 2 

 
Model 3 

∆χ2 
B SE OR 

95% CI 
for OR  

B SE OR 
95% CI 
for OR  

B SE OR 
95% CI 
for OR 

Intercept 0.23         0.85         0.34        

Gender  
Male  -0.26 0.04 0.77 0.71, 0.83 -0.27 0.04 0.77 0.71, 0.83 -0.20* 0.04 0.95 0.80, 1.13 21.73* 

Female 0 a 0 a 0 a  

Age -0.02 0.01 0.98 0.98, 0.98 -0.02 0.01 0.98 0.97, 0.98 -0.02* 0.01 0.98 0.98, 0.98 204.37* 

Income level 0.10 0.02 1.11 1.06, 1.16 0.13 0.02 1.14 1.08, 1.19 0.03 0.03 1.03 0.98, 1.09 1.68 

Race 1.26 

Others -0.03 0.06 0.97 0.86, 1.10 -0.03 0.06 0.97 0.86, 1.10 0.03 0.06 1.03 0.90, 1.17  

African American -0.09 0.08 0.92 0.78, 1.08 -0.07 0.08 0.94 0.80, 1.11 -0.05 0.09 0.95 0.80, 1.13  

White 0a 0 a 0 a  

Educational level 164.43* 
High school or less -0.83 0.06 0.43 0.39, 0.48 -0.86 0.06 0.42 0.38, 0.47 -0.73* 0.06 0.48 0.43, 0.54  

Post high school but 
less than 4 year college -0.48 0.05 0.62 0.56, 0.68 -0.50 0.05 0.61 0.55, 0.67 -0.44* 0.05 0.64 0.58, 0.71  

4 year college degree 
and above 0 a 0 a 0 a  

Quality of life 0.02 0.02 1.02 0.98. 1.07 0.03 0.02 1.03 0.98, 1.07 1.49 

Health status -0.22 0.03 0.80 0.75, 0.86 -0.16* 0.04 0.85 0.80, 0.91 23.64* 

Public reports usage 718.42* 
Yes 1.26* 0.05 3.53 3.22, 3.87  

No 0 a  

Chi-square 545.12 592.67 1311.10  

Df 7 9 10  

-2log likelihood 13400.00 13352.60 12634.18  

Sample size 1895     1895     1895    

Note. *p < 0.05;  a – reference category 

Proceedings of the Human Factors and Ergonomics Society 58th Annual Meeting - 2014 606

 at CLEMSON UNIV on April 21, 2015pro.sagepub.comDownloaded from 

http://pro.sagepub.com/


showed significant effects in predicting anecdotal information 
seeking behavior. Gender had a significant effect in predicting 
anecdotal information use. Specifically, men were 0.77 times 
as likely as women to use anecdotal information.  

Age was a significant predictor of the use of 
anecdotal information seeking behavior. Specifically, with 
increasing age, health care consumers were less likely to look 
for anecdotal information on the internet, as shown in Figure 

1.  
Educational level was a significant predictor of 

anecdotal information use. Specifically, this analysis found 
that anecdotal information seeking rises sharply as the level of 
education increases.  Individuals with an educational level of 
high school or less were 0.43 times as likely to use anecdotal 
information as those with 4 years of college or more.  
Individuals with an educational level of post- high school but 
less than a four-year college degree were 0.62 times as likely 
to use anecdotal information as those with at least a four-year 
college degree.    

Health status was a significant predictor of the use of 
anecdotal information on the Internet. Consumers with a lower 
health status were more likely to look for anecdotal 
information on the Internet.  
 Public report information seeking behavior showed a 
significant effect in predicting anecdotal information seeking 
behavior, as shown in Figure 2. People who look at public 
report information are 3.5 times more likely to look for 
anecdotal information on the Internet than people who do not 
look at public report information. 
 

DISCUSSION 
 

One of the important findings from this analysis is 
that women were more likely than men to look at the 
anecdotal information available on the Internet. This result is 
consistent with the findings from the 2009 CDC National 
Health Interview Survey suggesting that among adults, women 
were more likely than men to have used the Internet for health 
information. Women have phases in their life, such as 

pregnancy, which require them to seek special medical care. 

Studies conducted by Lagan et al. (2010) indicate that 94% of 
the pregnant women who participated in a survey used the 
Internet to supplement the health information provided by 
their health care provider across a 12-week period.  

This analysis also found that with increasing age the 
probability of looking for anecdotal information decreases, 
suggesting a need to educate younger consumers in particular 
on the quality of the information available on the Internet. 
Anecdotal information is primarily found on social media, 
including peer support groups and video-sharing sites such as 
YouTube, portals less frequented by older people.  

This analysis also found that consumers who are less 
healthy are more likely to look at anecdotal information 
available online, suggesting that the less healthy population 
are especially vulnerable to the varying availability and 
quality of Internet health information. Health care 
professionals need to be aware that their less healthy patients 
are more likely to ask them about information they found 
online. Healthcare providers and health software system 
developers need to work together to design interfaces that 
support comprehension of health information online and to 
provide tools that help users to navigate to the highest quality 
information.  

With the availability of healthcare information from 
Internet-based resources such as healthcare public reports, 
MedlinePlus, online peer-support groups and YouTube, the 
reliance of consumers on healthcare providers for information 
may be reduced. There is the risk of the dissemination of 
misleading information, with concerns about the 
trustworthiness and veracity of data from unmoderated 
Internet sources, primarily from anecdotal information, a 
situation of which consumers need to be aware. It is critical 
that consumers develop the ability to separate the accurate 
information from the less reliable. During the healthcare 
sensemaking process, consumers may find inaccurate 
information as anecdotes and narratives which could serve as 
anchors. Past studies (Fagerlin et al., 2005) have found that 
such information can have an undue influence on the health 

Figure 1. Effect of age on the anecdotal information seeking 

 

Figure 2. Probability of a public report user looking at 
anecdotal information on the Internet 
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consumer in understanding a health condition, subsequently 
impacting the decisions made. One of the salient features of 
anecdotal information is that it shows the sequence of events 
and the consequences of making a specific healthcare 
decision. For example, in a video a patient may talk about his 
personal experience with a procedure in a healthcare setting 
and how it improved/degraded his condition. In contrast, 
public reports typically provide an overall estimate of 
effectiveness as a percentage, based on a large number of 
cases, providing extensive data concerning patient care and 
medical conditions to help in the decision making process 
about where to receive treatment. However, this information 
may be seen as overwhelming, technical and impersonal. As a 
result, consumers may find it difficult to relate to this 
statistical presentation, deciding that it offers little help and 
support to them and relying instead on anecdotal narratives.  

It is not easy to engage patients with public reports, 
partly due to the challenges of developing comprehensible 
formats for presenting complex performance metrics. There is 
a need for the form and nature of the metrics in the public 
reports to be fitted to patients’ varied circumstances with a 
focus on their cognitive limitations while making a healthcare 
decision. One potential approach might be to present the 
information as a story. A key advantage of a story is its ability 
to take abstract data and convert it into meaningful 
information by presenting it in a compact package with 
context, meaning, and emotion (Gershon & Page, 2001). This 
format could potentially be used to integrate consumer 
narratives into the data, complementing the statistical quality 
information provided by Federal entities with equally 
trustworthy anecdotal information from patients. This 
integrated approach can have the potential to make the content 
engaging, accurate, and useful for a wide range of healthcare 
consumers. Within the story, report providers also need to 
develop data displays that educate users on the significance of 
the multiple metrics provided and their impact on the 
outcomes of the care process.   

The results of this paper call for further investigation 
to identify effective ways for integrating anecdotal 
information on the Internet with authoritative information to 
support the healthcare decision making process.  

 
References 
 
Ache, K. A., & Wallace, L. S. (2008). Human papilloma virus vaccination 

coverage on youtube. American Journal of Preventive Medicine, 35(4), 
389-392.  

 
Atkinson, N. L., Saperstein, S. L., & Pleis, J. (2009). Using the internet for health-

related activities: findings from a national probability sample. Journal of 
Medical Internet Research, 11(1), e4. 

 
Chalil Madathil, K., Rodriguez, A. J., Greenstein, J. S. & Gramopadhye, A. K.  

(2014). Healthcare information on youtube: a systematic review. Health 
Informatics Journal. doi: 10.1177/1460458213512220 
 

Chalil Madathil, K., Greenstein, J. S., Juang, K. A., Neyens, D. M., &  
           Gramopadhye, A. K. (2013, September). An investigation of the 

informational needs of ovarian cancer patients and their supporters. In 
Proceedings of the Human Factors and Ergonomics Society Annual 
Meeting. SAGE Publications. doi: 10.1177/1541931213571163 
 

Cohen, R. A., & Stussman, B. (2010). Health information technology use  

among men and women aged 18–64: early release of estimates from the 
National Health Interview Survey, January–June 2009. National Center for 
Health Statistics. 

 
Elkin, L., Thomson, G., & Wilson, N. (2010). Connecting world youth with 

tobacco brands: YouTube and the internet policy vacuum on web 2.0. 
Tobacco Control, 19(5), 361-366.  

 
Eysenbach, G., Powell, J., Kuss, O., & Sa, E. R. (2002). Empirical studies 

assessing the quality of health information for consumers on the World 
Wide Web: A systematic review. Journal of the American Medical 
Association, 287(20), 2691-2700. 

 
Fagerlin, A., Wang, C., & Ubel, P. A. (2005). Reducing the influence of anecdotal 

reasoning on people’s health care decisions: Is a picture worth a thousand 
statistics? Medical Decision Making, 25(4), 398-405. 

  
Fox, S., & Jones, S. (2009). The social life of health information: Americans’ 

pursuit of health takes place within a widening network of both online and 
offline sources. Washington D.C: Pew Internet California HealthCare 
Foundation.  

 
Fung, C. H., Lim, Y. W., Mattke, S., Damberg, C., & Shekelle, P. G. (2008). 

Systematic review: The evidence that publishing patient care performance 
data improves quality of care. Annals of Internal Medicine, 148(2), 111-
123. 

 
Gershon, N., & Page, W. (2001). What storytelling can do for information 

visualization Communications of the ACM, 44(8), 31-37. 
  
Gibbs, D. A., Sangl, J. A., & Burrus, B. (1996). Consumer perspectives on 

information needs for health plan choice. Health Care Financing Review, 
18(1), 55-73.  

 
Hibbard, J. H. (2008). What can we say about the impact of public reporting? 

inconsistent execution yields variable results. Annals of Internal Medicine, 
148(2), 160-161. 

  
Hibbard, J. H., & Jewett, J. J. (1996). What type of quality information do 

consumers want in a health care report card? Medical Care Research and 
Review, 53(1), 28-47. 

  
HINTS. (2008). Cancer survivors and people with a family history of cancer are 

most likely to seek cancer information. (Issue brief No. 10). Washington 
DC: National Cancer Institute. 

  
Kim, K., Paek, H. J., & Lynn, J. (2010). A content analysis of smoking fetish 

videos on YouTube: Regulatory implications for tobacco control. Health 
Communication, 25(2), 97-106. 

  
Kolstad, J. T., & Chernew, M. E. (2008). Quality and consumer decision making in 

the market for health insurance and health care services. Medical Care 
Research and Review, 

 
Kreps, G., Finney Rutten, L., Rutten, L. F., Hesse, B., & Moser, R.. (2011). 

Building the evidence base in cancer communication: Next steps. Building 
the Evidence Base in Cancer Communication, 315-322.  

 
Longo, D. R., & Everet, K. D. (2003). Health care consumer reports: An evaluation 

of consumer perspectives. Journal of Health Care Finance, 30(1), 65-71. 
 
Lagan, B. M., Sinclair, M., & Kernohan, W. G. (2010). Internet Use in Pregnancy 

Informs Women’s Decision Making: A Web‐Based Survey. Birth, 37(2), 
106-115.  

 
Marshall, M. N., Shekelle, P. G., Leatherman, S., & Brook, R. H. (2000). The 

public release of performance data: What do we expect to gain? A review of 
the evidence. Journal of the American Medical Association, 283(14), 1866-
1874.  

 
Mead, N., Varnam, R., Rogers, A., & Roland, M. (2003). What predicts patients' 

interest in the internet as a health resource in primary care in England? 
Journal of Health Services Research & Policy, 8(1), 33-39.  

 
Pew Research Internet Project (2012, September 1). Health 2012, Retrieved  

December, 2013, from http://www.pewinternet.org/datasets/september-
2012-health/ 

 

Proceedings of the Human Factors and Ergonomics Society 58th Annual Meeting - 2014 608

 at CLEMSON UNIV on April 21, 2015pro.sagepub.comDownloaded from 

http://pro.sagepub.com/

